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Proposition 1. 1) The predictor pe(y|x) is the minimizer of the Bayesian risk among
saddlepoint predictors.

2) When the sampling density is in the exponential family, the predictor p(y; Our) is the
maximazer of the Bayesian risk among plug-in saddlepoint predictors.

Proposition 2. [t holds for a predictor p(y|x) that
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when the left-hand side makes sense.
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